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Agile Metrics for the Metrically Challenged
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Earnshaw Cook

Percentage Baseball

(1964)

Alan Schwarz

The Numbers Game

(History of Sabremetrics) The Signal and the 

Noise: Why So Many 

Predictions Fail ð

but Some Don't
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a. Batting average
b. On- base percentage b

Wins

High 
Cost to 
acquire

Low 
Cost to 
acquire

b

5ƻƴΩǘ ŦƻǊƎŜǘ ǘƻ 
mention often 
used as a tie-

breaker
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a. Latest Agile Framework
b. Multi - team impacts

Delivery Impact

High 
Cost 
to fix

Low 
Cost 
to fix

b

Escaped defects?
Dependency Mgmt? 

New Agile 
methodology? 

Team coding 
performance? 

b
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Baseball goal: Win more games
Software goal: Deliver more value

Predictably deliver 
more value 

to customers



PICKING VALUABLE METRICS
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by Eric Ries, 

The Lean Startup

The only metrics that 
entrepreneurs should invest 

energy in collecting are those that 
help them make decisions. 

Unfortunately, the majority of 
data available in off - the - shelf 

analytics packages are what I call 
Vanity Metrics. They might make 
you feel good, but they donôt offer 
clear guidance for what to do .
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Predictive Power and Better Decisions

ÅObserving historical data (metrics) may be 
interesting, but the predictive power of historical 
data should be the focus

ÅLŦ ŀ ƳŜǘǊƛŎ ŘƻŜǎƴΩǘ ƻŦŦŜǊ ǇǊŜŘƛŎǘƛǾŜ ǇƻǿŜǊΣ ǘƘŜƴ 
capturing that metric is waste

ÅDecisions based on historical data are predictions

ïThese decisions have un-certainty

ïWe can (and should) compare the eventual reality 
against our predictions and learn
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Good Metrics

ÅLead to decisions

Å²ƛǘƘƛƴ ǘŜŀƳǎΩ ƛƴŦƭǳŜƴŎŜ

ÅDŀƳƛƴƎ ƭŜŀŘǎ ǘƻ άƎƻƻŘέ

ÅHave a credible story

ÅAre linked to strategy

ÅTrend or distribution based

ÅLeading indicators

Bad Metrics

ÅJust convenient to capture

ÅLinked to reputation

ÅDŀƳƛƴƎ ƭŜŀŘǎ ǘƻ άōŀŘέ

ÅWǳǎǘ ǘƻ ŎƘŀƴƎŜ άƳȅέ ōŜƘŀǾƛƻǊ

Å5ƻƴΩǘ ƭƛƴƪ ǘƻ ǎǘǊŀǘŜƎȅ

ÅPeople targeting 

ÅTrailing indicators
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DƻƻƎƭŜ ŦƻǊ ά{ŜǾŜƴ 5ŜŀŘƭȅ {ƛƴǎ ƻŦ !ƎƛƭŜ aŜǘǊƛŎǎέ 
by Larry Maccheronefor more ideas on good and bad metrics.



Balanced and Valuable Metrics
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VALUE

QUALITY

TIME

1. Cost of Delay ($)
2. Alignment to Strategy
3. Number of Experiments

1. Throughput / velocity
2. Key person dependency score
3. Risk uncertainty  

1. Customer Impacting Defect Rate
2. Production Releases without rollback
3. Process Experimentation Rate 

(# improvement / total stories per sprint) 

5ƻƴΩǘ ŦƻǊƎŜǘ ǘƻ 
mention its easy 
to move one, but 
not easy not to 

impact the others
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Sprint1 Sprint 2 Sprint 3 Sprint 4 Sprint 5

Velocity 16 pts 72 pts 21 pts 19 pts 37 pts

Throughput 7 cards 9 cards 9 cards 9 cards 7 cards

Source and with thanks: Jim Benson (Modus Cooperandi) 
http://moduscooperandi.com/blog/estimation-requires-attention/

Velocity: 16-72 pts, Throughput: 8 +/- 1 



Total 
Story 
Cycle 
Time

30 
days

Story / Feature Inception
5 Days

Waiting in Backlog
25 days

System Regression Testing & Staging 
5 Days

Waiting for Release Window
5 Days

ά!ŎǘƛǾŜ 5ŜǾŜƭƻǇƳŜƴǘέ
30 days

Pre 
Work

30 
days

Post 
Work 

10 
days

9 days (70 total)
approx13%
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Spurious Correlations: http://tylervigen.com/
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Leading Indicators
Correlation != Causation

ÅCriteria for causality
ïThe cause precedes the effect in sequence

ïThe cause and effect are empirically correlated 
and have a plausible interaction 

ïThe correlations is not spurious 
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Sources: Kan,2003 pp80 and Babbie, 1986

(HTTP://XKCD.COM/552/ CREATIVECOMMONSATTRIBUTION-NONCOMMERCIAL2.5 LICENSE)
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http://xkcd.com/552/
http://creativecommons.org/licenses/by-nc/2.5/
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Spurious Correlations: http://tylervigen.com/
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5ƻƴΩǘ ŦƻǊƎŜǘ ǘƻ 
mention 
leading 

indicator except 
for plausibility



MODELING ςA QUICK INTRO
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You need the model to spot when 
reality diverges from expectation

Once the model reflects reality 
(showing predictive power) you 

can run experiments on the 
model before real - life
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1. Y-Axis: 
Number of 
Completed 

Stories

5. Project Complete 
Likelihoods

3. Range of complete 
stories probability

0 to 
50%

50 to 
75%

>
75%2. X-Axis: Date

4. Actuals 
Tracking

PS. ScrumSim and KanbanSim is free, focusedobjective.com


