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Troy Magennls (@ t magennls )
Moneyball for Software Projects:
Agile Metrics for the Metrically Challenged
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Season Win Percent vs. Relative Payroll
Standard deviations above/below league average (15 team bins)
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Oakland Athletics Exceed Expectations

Wins above/below payroll expectation, by season
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a. Batting average R
b. On- base percentage 7R

High
Cost to
acquire

Low
Cost to
acquire 52y QG T2

mention often

used as a tie
breaker
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a. Latest Agile Framework il
b. Multi - team impacts 7R

Team codlng

' performance? New Aglle
H Ig h methodology
Cost an " 3|

to fix 2
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to fix Delivery Impact
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Baseball goal: Win more games
Software goal: Deliver more value

Predictably deliver
more value
to customers
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PICKING VALUABLE METRICS

1 O @t_magennis

0



99 The only metrics that
entrepreneurs should invest

energy In collecting are those that
help them make decisions.

Unfortunately, the majority of

data available in off - the - shelf
analytics packages are what | call
Vanity Metrics. They might make
you ff eel good, but t
clear guidance for what to do . 99

by Eric Ries,

1 1 R The Lean Startup @%



Predictive Power and Better Decisions

A Observing historical data (metrics) may be
Interesting, but the predictive power of historical
data should be the focus

ALFT | YSUNARO R2SayQu 27
capturing that metric is waste
A Decisions based on historical data are predictions

I These decisions have wertainty

I We can (and should) compare the eventual reality
against our predictions and learn
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Good Metrics Bad Metrics

A Lead to decisions A Justconvenient to capture

A2 AG0KAY US| Ya QA linked fo dpuatios
ADIFYAYy3 fSIFRa AR WAER2RESI Ra
A Have a credible story Awdzad 02 OKI y3S
A Are linked to strategy A52y Qi t Ayl G2

A Trend or distribution based A People targeting
A Leading indicators A Trailing indicators

D223fS FT2NJ a{SOSy 5SIRfeé {Aya 27
by LarryMaccheronefor more ideas on good and bad metrics.
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Balanced and Valuable Metrics

1. Cost of Delay ($) 1. Throughput / velocity
2. Alignment to Strategy 2. Key person dependency scol
3. Number of Experiments 3. Risk uncertainty

52y Qi T2 NE
mention its easy
to move one, but

not easy not to
Impact the others

QUALITY

1. Customer Impacting Defect Rate
2. Production Releases without rollback
3. Process Experimentation Rate
(# improvement / total stories per sprint)
14 @t_magennis @%



ST Sprnt|_sprint2 | Sprint3 | Sprint | Sprint5

Velocity 16 pts 72 pts 21 pts 19 pts 37 pts
Throughput 7 cards 9 cards 9 cards 9 cards 7 cards
Velocity: 1672 pts, Throughput: 8 +/1
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1 8 Source and with thanks: Jim Benson (MoQa®perandi
http://moduscooperandi.com/blog/estimatiomequiresattention/ ﬁ@%
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US spending on science, space, and technology

correlates with

Suicides by hanging, strangulation and suffocation

m LIS spending on science, space, and technology

Suicides by hanging, strangulation and suffocation
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1999 2R 2001 2002 2003 2004 20405 2006 2007 2008 2009

US spending on science, space, and technology - o oo o cot  yogmn 0 20734 2083 23005 13557 | 23584 15535 27730 25,445
Millians of todays dollars (L5 OM B}

uicices by hanging, strangulation and suffocation 5 497 5 688 6,198 6,462 6,635 7,336 7,248 7,491 8,161 8,578 9,00

Deaths (LS} (CDC)

Correlation: 0.992082

Spurious Correlations: httftylervigen.com/
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Leading Indicators
Correlation '= Causation

T USED T THINK, THEN I TOOK A | | SOUNDS LIKE THE
(ORRELATION IHF'UED STATISTICS CLASS. CLF!'SS HELPED.
CAUSATION. NOow I DON'T, WELL, MH‘fBE

73 15915

A Criteria for causality

I The cause precedes the effect in sequence

I The cause and effect are empirically correlated
and have a plausible interaction

I The correlations Is not spurious
Sources: Kan,2003 pp80 aBdbbie 1986

(HTTP:/IXKCD.COM/552/ QREATIVEOMMONSATTRIBUTIGNIONCOMMERCIAR.5 LICENSE kJ\\g



http://xkcd.com/552/
http://creativecommons.org/licenses/by-nc/2.5/

Number of films Nicolas Cage appeared in

correlates with

Female Editors on Harvard Law Review

= Number of films Nicolas Cage appeared in
Female Editors on Harvard Law Review

. 2005 | 2006 | 2007 | 2008 | 2009
SQYQU ¥ 2

Number of films Nicolas Cage appeared in :

it Iy i il )
AOTOPEhtacioki MO NEGRE (e 000 mention
Sid ERRVRCIRY. loacing
T » S : AR T indicator except
Correlation: 0.855447 for plausibility
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Spurious Correlations: htifitylervigen.com/
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MODELIN@E A QUICK INTRO
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You need the model to spot when
reality diverges from expectation

Once the model reflects reality
(showing predictive power) you
can run experiments on the

model before real - life

24 @t_magennis
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1. Y-AXis: 5. ProjectComplete
Number of Likelihoods

Completed
Stories

3. Range of complete
stories probability

4. Actuals 0to  50ts >
2. XAxis: Date TraCking 50% 75% 7504

PS. ScrumSim and KanbanSim is free, focusedobjective.com
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